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Synthesis Method for Background Blurring of
Single Natural Image Using Accurate Matting

LI Xiaoying', LI Siqi*, HONG Xuemei', ZHANG Hai'

(1. College of Information Science and Engineering, Huaqiao University, Xiamen 361021, China;

2. Xiamen Acdemy of Arts and Design, Fuzhou University, Xiamen 361021, China)

Abstract; Aiming at the problem of background blurring of single natural image under small aperture lens, a
synthesis method of background blurring of single natural image based on accurate matting is proposed. First-
ly, the GrabCut algorithm is used to perform initial matting on the foreground object of single natural image.
Secondly, the color constancy algorithm based on local binary patterns operator is used to extract the image
texture, and the initial matting is precisely cut. Then, the background is virtualized by bilateral filter. Finally,
the accurately segmented foreground part is combined with the virtualized background part. Simulation results
show that the proposed algorithm can achieve high-quality segmentation and visually natural background blur-
ring effects.
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Fig. 1 Flowchart of proposed method
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Fig.5 Comparison of input images and output images
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Fig. 7 Comparison images before and after image background virtualization processing
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