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Analysis Method of Satellite Network Declaration Trend
Using Radial Basis Function Neural Network
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Abstract: Radial basis function (RBF) neural network is innovatively applied to the trend analysis of satellite
network declaration. A quantitative trend analysis method based on RBF neural network is proposed, which
provides quantitative indicators and methods for evaluating the trend of satellite network declaration and chan-
ges current situation that mainly depends on expert experience to analyze declaration trend. Firstly, the busi-
ness characteristics of current satellite network declaration are combed. Then, the widely used prediction
methods are analyzed, thus trend analysis method of declaration is proposed based on RBF neural network. Fi-
nally, the algorithm by actual declaration data is verified. The results show that prediction error of the pro-
posed method is less than 20% for the trend of satellite network declaration, which has practical guiding sig-
nificance.
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Fig. 1 Non-planned services GSO satellite network information declaration process
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