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Short-Term Wind Speed Range Prediction Based on Fuzzy
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Abstract; In order to achieve accurate prediction of wind speed range interval, this paper proposes a wind
speed prediction model based on fuzzy information granulation and grey wolf optimizer-support vector machine
(GWO-SVM) algorithm. Firstly, the fuzzy information granules are used to extract the maximum, minimum
and general average values of wind speed for a continuous period of time. Then the label vector and feature ma-
trix are constructed as input of the SVM model by the time series wind speed prediction model, and finally the
parameters of the SVM prediction model are optimized by the gray wolf algorithm to realize the accurate pre-
diction of the wind speed range interval. On the example verified stage, the fuzzy information granulation of
historical wind speed data is carried out, and the parameters of the SVM prediction model are optimized by four
different parameter optimization methods. The results show that the GWO-SVM algorithm can improve the ac-

curacy of wind speed range interval prediction more effectively.
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Fig. 5 Wind speed interval prediction results under different relative widths
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