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Image Splicing Tampered Localization Method Using Improved
Superpixel Segmentation and Noise Estimation
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(College of Computer Science and Technology, Shanghai University of Electric Power, Shanghai 200090, China)

Abstract: By detecting the inconsistency of the local noise level of the image, this paper proposes a method to
locate the image splicing tampered region. Firstly, the improved simple linear iterative clustering (SLIC) su-
perpixel segmentation algorithm is used to segment the detection image into pixel blocks with similar features.
Secondly. the noise level estimation based on principal component analysis is used to calculate the local noise
level of each image block. Finally. three clustering algorithms are used to cluster the estimated noise level re-
sults. The tampered region of the image is located according to the clustering results. The experimental results
show that the method in this paper can effectively locate the tampered region and retain more edge information
of the detection region.
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Fig. 2 Comparison of localization effects of three clustering algorithms
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