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Improved Slope One-BI Algorithm and Parallelization
on Big Data Platform

LIU Jiayao, WANG Jiabin

(College of Engineering, Huaqgiao University, Quanzhou 362021, China)

Abstract; Since it is not so efficient to recommend the method of Slope One algorithm with the linear regres-
sion model to solve the problem caused by the sparse data is proposed. Firstly, the clustering algorithm combi-
ning Canopy and K-medoids could bring similar pooled customers. Secondly, the nearest neighbor is dynami-
cally searched in the affiliated clustering according to the specific situation of similarity between costumers by
using the Slope One-BI algorithm to predict. Finally, parallelization is implemented on the Spark platform. The
experiment shows that, comparing with the other Slope One algorithm by the film data set, the optimized algo-
rithm based on Spark platform has improved the precision of recommendation.
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