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Efficient Single Image Super-Resolution Reconstruction
Method Under Deep Learning
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Abstract: An efficient single-image super-resolution reconstruction method based on deep learning is pro-
posed. A sub-pixel convolution layer and a replacement concatenated convolution are added to design a convo-
lutional neural network with appropriate depth to ensure image reconstruction quality. And use cascaded small
convolution kernel to enhance the running speed. The results show that the quality and speed of high-resolu-
tion images reconstructed by the proposed algorithm are significantly improved compared to sub-pixel convolu-
tional neural networks (ESPCN) algorithm. Using the proposed method in practical projects, we can achieve
end-to-end reconstruction of low-resolution clothing style images, and obtain high-resolution images.
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Fig. 1 Structural framework of this paper algorithm
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Fig. 2 Reconstruction results on Set5 data set
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Fig. 3 Reconstruction results on Setl4 data set
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Fig. 4 Reconstruction results on BSD500 data set
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Fig. 5 Process of image super-resolution reconstruction
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