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Pedestrian Re-Identification Using Spatial Constraint and
Quadratic Similarity Learning Algorithm

ZHAN Min, WANG Jiabin, ZOU Xiaobo

(College of Technology, Huaqgiao University, Quanzhou 362021, China)

Abstract: According to the pedestrian re-identification problem with potential changes in global appearance of
spatial distribution, a learning algorithm based on a spatial constraint and quadratic similarity is proposed. The
similarity of each sub-region is estimated by the quadratic similarity function (QSF) and the polynomial feature
graph is formed and all the feature graphs are merged into a uniformed framework. The framework utilizes the
complementary advantages of local similarity and global similarity to flexibly combine multiple visual cues to
further improve the robustness of the algorithm. Compared with the experimental results of the three public
data sets, the identification performance of proposed method is significantly improved compared with the exist-
ing pedestrian re-identification method.
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Fig. 1 Flowchart of whole similarity function
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Fig. 2 Flowchart of global and local fusion
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Tab. 2 Comparison of Rank-n matching rates in GRID data sets
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