a0k H1W LR WO RB 2% MO Vol. 40 No. 1
20194F 1 H Journal of Huagiao University (Natural Science) Jan. 2019

DOI:10. 11830/ISSN. 1000-5013. 201710002

FAOREXHIERN S 25
R R iR

i%m,%ﬁﬁ,iﬁ

R LR 2 S ER 2Rt BT 361021

TEE: ORI BN A A4 COAA) HE M 2R 2 A~ — 43 28RN AL, LA Gini 48 B0 1 e R 10 5 16 4 8 = S 3
B ?E‘%wﬁ%f‘z%nmzéz\%«ﬁmwaﬂﬁwH? b %5 2 I Ja) 43 B4 Sy PR o o 3 T AR B3 k9 = XU 5 22 SO A
8 A~ UCT $udi 4 L ibA7 L, 3 5 s AR sy s CART FI C4. 5 B 45 b A7 %8 BRL &5 SRR W ORI 48 0k 3%
F OAA J5 Al #E A = SURE L 78 o 10 238 R s () 30 40 0 7T fife B P 06 366 2 B 22 4 25 of U ) A2 1) 22 SUARS
KW BN A2 TR A s ARTEL s Gind #8 8 ORRE

hESFES: TP 311 XEARER: A XEHE: 1000-5013(2019)01-0121-07

Model Construction of Multi Class Decision Tree
Using Pocket Algorithm

WANG Ziyue, XIE Weibo, LI Bin
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Abstract; This paper attempts to use open application architecture (OAA) criteria training several binary per-
ceptron and then using Gini index to screen the best one to construct two fork decision tree. Theoretically ex-
plain the structural limitations of the perceptron classification criterion on the spatial partitioning at each tree
node. Based on the experimental results of 8 UCI datasets we compared pocket algorithm two fork tree and
multifork tree. We also compared the experimental results with univariate decision tree CART and C4.5. The
results show the tree build by pocket algorithm and OAA method is superior to the others in both the accuracy
rate and the interpretability of spatial division.
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