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Evaluation Method for Students’ Comprehensive Abilities
Using Deep SAE Networks and BP Algorithm
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Abstract; Since the existing evaluation methods need to extract features manually, and the evaluation accura-
cy is lower. The paper proposes an evaluation method for students’ comprehensive abilities based on deep SAE
Networks and back propagation (BP) algorithm. The method adopts stacked autoencoder (SAE) network for
students’ various scores with unsupervised training, and utilizes the features extracted by SAE network and
the corresponding sample labels to train the network via supervised Softmax classifier. The method uses BP al-
gorithm to adjust the weights for hidden layers and optimize the entire model, and avoids the occurrence of o-
ver-fitting. The method can help to solve the problem of manual extraction and analysis features for traditional
neural networks, and improve the evaluation accuracy.
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Fig.1 Deep SAE network model
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Fig. 3 Algorithm flowchart for training network
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