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Text Sentiment Classification Based on
Semantic Lexicon and Active Bayesian

ZHANG Min, CHEN Duansheng
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Abstract;  An improved sentiment classification method combined semantic lexicon and active Bayesian
(SLLAB) is proposed. To demonstrate the effectiveness of our proposed method, the Cornell movie review
datasets and Internet movie database (IMDB) datasets are exploited as our experimental data and the active
learning method based on the uncertainty of sampling is studied as a comparison. The results show that the
proposed method can achieve higher classification accuracy with less labeled training set, which alleviates the
influence of error accumulation caused by the active learning method based on the uncertainty of sampling.
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50 56. 98 59.43 60. 35 0.92 60. 88 59. 74 62. 84 3.10
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