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Co-Saliency Detection Using Patch-Cluster

YANG Lin, DU Jixiang, NIE Yiliang

(College of Computer Science and Technology. Huagiao University, Xiamen 361021, China)

Abstract; For the co-saliency detection problem in multiple images with complex background, this paper put
forward a co-saliency detection method for multiple images which based on patch-cluster. This method con-
structing the correlation of the common objects between images, and using block clustering to calculate four
kinds of saliency measurement and fused to get a better co-saliency detection effect. Experimental results show
that the co-saliency detection method which based on patch-cluster can effectively improve the detection accura-
cy, and the have higher robustness.
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Fig. 1 Target detection algorithm flow chart
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Fig. 2 Experimental figure
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Fig.3 Visual comparison of different methods
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