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Unsupervised Manifold Alignment Algorithm Using
Neighborhood Correlation
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Abstract; This paper propose a basic assumption: for the points sampled from two manifolds which have
strong correlations, their neighbors also have stronger correlations. Based on this assumption, this paper pro-
pose a new unsupervised manifold alignment algorithm which using the local neighborhood correlation to con-
struct the relationship between the data sample points from different manifolds, and then projecting two mani-
fold data to a common low-dimensional space while preserve the discovering of the correlation. The numerical
experiments show that compared with the traditional unsupervised manifold alignment algorithms, this pro-
posed algorithm can find the matching points of different manifold data in the low-dimensional space more accu-
rately.
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