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Abstract: Trapping in local minima and discontinuities often exist in local path planning. To overcome these
drawbacks. this paper presents a smooth path planning algorithm based on modified visibility graph which in-
volves B-spline curves and particle swarm optimization. This algorithm consists of three steps: dynamically
generate polygons, plan a path and smooth the path. To escape from traps. the environment is memorized in
the dynamic polygon generation process. By the path smooth process, this planned path is more adapt the ki-
netics constraint of mobile robots. Simulations verify the effectiveness of the proposed algorithm. Comparing
other several path planning algorithms, the planned path by the proposed algorithm posses a higher quality.
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Comparison of three local path planning algorithms in environment with obstacles
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