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Improved Mining Algorithm for Frequent and
High Utility Itemsets
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Abstract;: A new method that uses the upper bound of quality to prune the search space based on local utility
quality is proposed, meanwhile, pseudo projection technique is introduced to avoid actually construct the physi-
cal projection, then based on these two points, an improved FHIMA-P algorithm is proposed. By adding the
transaction merging and projected transaction merging technique in FHIMA-P algorithm, the final FHIMA-
MP algorithm is proposed. An experiment is conducted on mushroom and accident dataset, the result shows
that the running time of FHIMA-P algorithm is shorter than that of FHIMA-ALL algorithm. while the FHI-
MA-MP algorithm improves significantly compared with the previous two algorithms’ efficiency. Moreover,
the huge number of transactions (projected transaction) that can be merged on mushroom and accident dataset
in different papameters also prove the effectiveness of transaction (projected transaction) merging technique.
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Fig. 1 Running time in different support on mushroom and accident dataset
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