¥ 38% %5 H e ffr K% 2% CH % B 2R Vol. 38 No.5
2017 9 H Journal of Huagiao University (Natural Science) Sep. 2017

doi: 10. 11830/ISSN. 1000-5013. 201510043
SEFAEM2EXFHFEERRE
5B HY Apriori iU H ik

Rz, X EBF

e Rz LR 22 S HoR 2B R 1] 361021)

TE: 7 Apriori H LR P M-Apriori Jefith 1,8 T #F — 25 WU/ R 0 B EU0E R 51 A S 5 L
HOR AR —Fh B 9 MR-Apriori 511, % J& 3| M- Apriori 825 7 A48 KRB AR L Jy 1 S B0 X 1 16 301 4
PR B AL A —AN B2 S 2 T8 SRE B A P L B2 AR 2 D Gt (¥ MP- Apriori 533 B 55 45 24 1 A 2 T4
i B BT A — R 5 A B M-Apriori 83 82 S8 3 R G A MRP-Apriori 854, £ 5 » % mushroom %4
B AT, BRI AR 55 29 TR 1 MR- Apriori 523 UM 2 JUAR 4H [ PR 3 85 B 1 MP-Apriori 5532,
FEAT A AH B M- Apriori 8595 #8788 R 4 Uk, T 7] B 45 6 9 A A 1k SR & ) MRP- Apriori 5% 9% 32 47 i 8] %
B B AIE T3 Y A O £ 3w 1 A R

KEWE: SCHOMN; Apriori BYE; UL SRR

FES%ES: TP 311 XHFRERG: A MEHE: 1000-5013(2017)05-0727-05

Improved Apriori Algorithm for Quickly Prune by
Combining Transaction Reduction With
Two-Item Set Support Matrix
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Abstract: Based on the M-Apriori algprithm, an improved version of the Apriori algorithm, a transaction re-
duction technique is introduced and an improved algorithm, MR-Apriori, is proposed in the paper in order to
further reduce unnessary database scans; Meanwhile, considering that the M-Apriori algorithm generates large
amount of candidate itemsets during the running process, so as to quickly prune the candidate itemsets, a
self-defined two-item set support matrix is added and a second improved algorithm, MP-Aproiri, is proposed in
the paper. Then transaction reduction, accompanied by two-item set support matrix which is used to quickly
prune the candidate itemsets, are combined together and a third improved algorithm, MRP-Aproiri, is pro-
posed in the paper. Finally, an experiment is conducted on the mushroom dataset, the result shows that the
MR-Apriori algorithm which uses the transaction reduction and the MP-Apriori algorithm which uses the two-
item set support matrix that can quickly prune the candidate itemsets, is much faster than the M-Apriori algo-
rithm, and the MRP-Apriori algotirhm which combines these two optimization strategies together gets the
shortest time, therefore, it proves that these two optimization strategies are efficient.
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