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Improved Object Tracking Algorithm Based on
Kernelized Correlation Filter
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Abstract; A scale and rotation adaptive tracking algorithm based on kernelized correlation filter is proposed.
Firstly, the algorithm determines the center positon of the object via kernelized correlation filter. Then the al-
gorithm estimates the scale changes and rotation angle of an object using keypoints matching. In the process of
keypoints matching, the method eliminates unstable keypoints using forward and backward matching. The
next, the algorithm estimates the optimal scale and angle by considering the weight of keypoints. At last, the
method detects whether the target is occluded, and then update keypoints set and object model more reasona-
ble, and hence improving the robustness of the algorithm. The results of experiments show that the proposed
algorithm not only can handle changes of object’s appearance to a certain degree, but also have high tracking
efficiency.
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Fig.2 Flow chart of algorithm
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