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Target Image Recognition and Tracking
Technology Based on Space Partition
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Abstract; Considering multi-object tracking algorithm exists some problem such as low efficiency, high ener-
gy loss, easy error-detection and loss dectection, we take the tracking accuracy and energy loss as the evalua-
tion index to develop research. Based on the analysis of the current localization and tracking algorithms, a new
method of object localization and tracking algorithm based on space partition is proposed, which uses the spa-
tial clustering mechanism to collect the target location information in real time. At the same time, the object
loss and restoration mechanism is established. It can improve the tracking accuracy and reduce the energy loss
significantly. The simulation results show that compared with the common algorithm, the tracking success rate
in our is increased by 10% , and the energy consumption is decreased effectively in this algorithm effective, and
it has application value.
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Fig. 1 Three sides detection algorithm
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Fig. 3 Information driven cooperation tracking algorithm Fig. 4 Dilivery tree tracking algorithm
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Fig. 6 Object loss Fig. 7 Object restoration
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