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Application of Radial Basis Function Neural Network
Algorithm in License Plate Character Recognition
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Abstract: A vehicle license plate character recognition algorithm based on radial basis function network is
proposed. In the preprocessing stage, image noise is removed and the contrast of image is enhanced by adaptive
threshold segmentation and grayscale; at the character segmentation stage. using the limit element method to
determine the position of independent character segmentation; in the stage of character recognition, the train-
ing of the radial basis function neural network is used to construct the character sub block image library. The
character recognition algorithm based on back propagation (BP) neural network and the character recognition
algorithm based on support vector machine (SVM) are selected, and the method is compared with the method
in this paper. Experimental results show that this method has obvious advantages in recognition accuracy, and
it is more suitable for vehicle license plate character recognition.
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Tab.1 Performance comparison between proposed algorithm and other two algorithms

. SRR BP 9 2% U5 3 ik SVM Ul 55 12
/i % t/s 7/ %% t/s VL t/s
10 100. 0 2.31 100. 0 2.22 100. 0 1. 89
20 100. 0 3. 69 100. 0 3.76 97.2 3.52
30 100.0 5.71 98.2 5.83 95.4 6.03
40 98.5 7.04 94. 6 6.98 93.2 7.12
50 97.3 9.08 92.5 8.72 90.7 8. 88
60 97.2 11. 23 90. 6 10. 98 87.3 11.07
70 96. 8 13.50 88.3 13.69 85.5 14. 09
80 95.5 15.29 85.8 15.12 84.2 15. 46
90 93.1 17.08 82.1 16. 34 80. 6 17.23
100 92.2 19. 89 81.3 18. 57 78.1 19.72
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