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Abstract; According to telecommunication customer churn problem, the forecasting model based on decision
tree C5. 0, BP (back-propagation) neural network and logistic regression algorithm combination is designed,
and according to orecasting of the customer churns in some telecom companies, the accuracy is higher and pre-
diction effect is good in combination forecasting model compared to a single customer churn prediction model.
It shows the basic features of the customer churn more directly.
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Fig.3 Forecasting process of combination model
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Tab.1 Customer churn prediction results for different model algorithms
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Tab. 2 Comparison results for prediction and erroneous judgement rate of group loss amount

i %l m n ' % w/ 717G
SR Rk 300 000 - - -
C5. 0 fR Y 265 498 34 502 11.5 103.5
LR f % 268 652 31 345 10. 4 94. 0
BP & % 274 583 25 417 8.5 76.3
HA R 283 564 16 436 5.5 49.3
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