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Fig.1 Running efficiency comparison of different support degree
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Fig. 2 Time consumption comparison of generating a {requent tree
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Non-Uniform Mining Algorithm for
Considering Data Uncertainty

LIU Zhusong, CHEN Jie

(School of Computer Science and Technology, Guangdong University of Technology, Guangzhou 510006, China)

Abstract; In order to solve high-dimensional large data uncertainty and non-uniform mining problems, this paper pro-
posed a new kind of non-uniform data mining algorithm based on the fuzzy logic and uncertain frequent pattern tree. First-
ly, the high-dimensional region connection calculus (RCC) data model is established under the premise of considering the
data uncertainty. The uncertain fuzzy distance of data sets is defined and analyzed based on the data sets elements. Sec-
ondly. the non-uniform data is generalized by the uncertain frequent pattern tree, and the specific implementation steps is
given. Simulation results show that the proposed method effectively improved the mining efficiency of the uncertain heter-
ogeneous data sets in different support conditions.

Keywords: high dimensional data; data mining; fuzzy logic; uncertain frequent pattern tree; region connection calculus
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