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Person Name Disambiguation Based on Revised Longest
Common Subsequence

LIN Cuiping, WU Yangyang

(College of Computer Science and Technology, Huagiao University, Xiamen 361021, China)

Abstract: This paper uses nouns, adjectives. gerunds and named entities as text features, and also considers the word
order and word frequency when computing the text similarity. A text clustering method based on revised longest common
subsequence (LCSC) is proposed. The experimental results show that the LCSC method can significantly improve the o-
verall performance in person name disambiguation compared with traditional clustering method and make the average F-
measure increase from 74. 2% to 84.9%. The overall performance also improved by 3. 7% when compared with the lon-
gest common subsequence method.

Keywords: person name disambiguation; text similarity; longest common subsequence; hierarc
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