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A Node Localization for Three-Dimension Wireless Sensor
Network on Wavelet Support Vector Machine

LIANG Juan'?, WU Yuan'

(1. Department of Computer Science and Technology, Henan Institute of Technology, Xinxiang 453002, China;

2. School of Information Engineering, Wuhan University of Technology, Wuhan 453002, China)

Abstract;: Node localization is one of the key technologies in high three-dimension (3D) wireless sensor networks. In or-
der to improve the three dimensional positioning accuracy of wireless sensor networks. This paper proposed a three-di-
mension location algorithm based on wavelet support vector machine. Firstly, the signal intensity of three-dimension wire-
less sensor anchor nodes is collected to build a support vector machine (SVM) learning samples. Then, the samples are
input into wavelet support vector machine to establish the 3D sensor nodes locolization model. Finally. the simulation ex-
periment is carried out to test the performance of location model. The results show that, compared with the traditional 3D
location algorithm, the proposed method uses the wavelet support vector can improve the positioning accuracy for three-
dimension wireless sensor network, and got a more stable node localization result, so the proposed method can be widely
applied in the actual wireless sensor network system.

Keywords: wireless sensor network; three-dimension localization; adaptive; wavelet support vector machine
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