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An Improved ID3 Decision Tree Mining Algorithm
PAN Dasheng, QU Chiwen

(School of Information Engineering, Baise University, Baise 533000, China)

Abstract; By analyzing the problem of ID3 decision tree mining algorithm, the entropy calculation process is improved,
and a kind of improved ID3 decision tree mining algorithm is built. Entropy calculation process of decision tree is rede-
signed in order to obtain global optimal mining results. The mining experiments are carried out on the UCI data category
6 data set. Experimental results show that the improved mining algorithm is much better than the ID3 type decision tree
mining algorithm in the compact degree and the accuracy of the decision tree construction.
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