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Fig.3 Hard exudates detection result images using proposed methods in DIARETDBO data sets
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Fig.4 Hard exudates detection result images using proposed methods in DIARETDB] data sets
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Fundus Image Hard Exudates Detection Based on SLIC
Superpixels and DBSCAN Clustering

LING Chao-dong, CHEN Hu, YANG Xiao,
ZHANG Hao, HUANG Xin

(College of Information Science and Engineering, Huaqiao University, Xiamen 361021, China)

Abstract; In order to detect the hard exudates in fundus images automatically, this paper presented a hard exudates de-
tection method which combines simple linear iterative clustering (SLIC) superpixels and DBSCAN clustering algorithm to
detect the Harde exudates. Firstly, an over-segmentation image was formed by algorithm of the SLIC superpixels. Next
the superpixels obtained were processed using the DBSCAN method, so that the final segmentation could be generated
from the clusters of superpixels. The fundus image of the standard Diabetic Retinopathy datasets of DIARETDBO0 and DI-
ARETDBI were chosen to verify the feasibility of the method proposed. The experimental results showed that the algo-
rithms can detect exudates effectively and reliably. Moreover, the method can be directly applied to color image segmenta-
tion and feature extraction.

Keywords: image segmentation; superpixels; hard exudates; diabetic retinopathy; simple linear iterative clustering;

density-based clustering method
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