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Research and Implementation of Cartoon-Like
Stylization for Color Video Image

WANG Qiao-yu, CHEN Duan-sheng, WU Yang-yang

(College of Computer Science and Technology. Huaqgiao University, Xiamen 361021, China)

Abstract: A new approach for cartoon-like stylization of color video image is proposed. The Mean-shift filter and gaussi-
an pyramid are combined in this approach to cluster the color and eliminate the noise of the color video image and improve
the speed of processing at the same time. Then, the DoG is used to detect edges of the image which has been filtered by
Mean-shift filter. After that, the soft quantization is applied to the image which has been filtered by Mean-shift filter. Fi-
nally, the edge curves and the quantitative image are fused to generate a personalized cartoon image. In this step, the col-
or of edges in the cartoon image is based on the edge gradient. This makes the cartoon image not only be enhanced in the
regions of high contrast, but also have less noise and seems more natural. In comparison with the approach for cartoon-
like stylization of image based on the bilateral filter and DoG, the experimental results show that our approach can pro-
duce a better cartoon effect in shorter time, and can directly convert an input video to a cartoonish video as an output file.

Keywords: cartoon-like image; Mean-shift filter; gaussian pyramid; color quantization
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