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Research Progress on Visual Tracking Algorithms
Based on Online Machine Learning

ZHONG Bi-neng, CHEN Yan, SHEN Ying-ju,
CHEN Duan-sheng, CHEN Wei-bin

(College of Computer Science and Technology, Huagiao University, Xiamen 361021, China)

Abstract: In this paper, the tracking algorithms based on online learning are reviewed, and the advantages and disadvan-
tages of various tracking algorithms are compared. It is found that each kind of tracking method has its strengths and
weaknesses and is applicable for handling one or a few types of challenges, it is difficult, if not impossible, for a single
tracking method to work under a variety of tracking scenarios. Finally, to address the target drifting problem caused by
the error accumulation, we propose a fusion strategy using multiple trackers to achieve robust tracking results.

Keywords: target tracking algorithms; online machine learning; target drifting; multiple trackers
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