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Multi-Kernel SVDD Algorithm of Remote
Sensing Image Classification

CHEN Sai-ying, HE Jian-nong

(College of Mathematics and Computer Science, Fuzhou University, Fuzhou 350108, China)

Abstract; Combine K-type kernel function and exponential radial basis kernel function with radial basis kernel function
into multi-kernel functions respectively, which is used to construct support vector domain description (SVDD) with more
superior performance. Each band spectral characteristics of remote sensing image are extracted to compose feature vector,
which is used for remote sensing image classification with support vector domain description algorithm. The simulation
experiments show that SVDD recognition algorithm of improved kernel function has higher classification accuracy and
shorter training time.

Keywords: remote sensing image; classification; support vectors domain description; K-type kernel function; exponen-

tial radial basis kernel function
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