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Blind Separation Algorithm with Unknown Source Number
Based on a Fair Neural Network

LI Kai', LI Hui®*, WANG Qi-zhi'

(1. College of Mechanical Engineering and Automation, Huaqiao University, Xiamen 361021, China;

2. Institute of Communication Engineering, PLA University of Science and Technology, Nanjing 210007, China)

Abstract: This paper proposes a fair neural-network-based algorithm. It initiates the estimatied source number to be a

proper value, and constructs a stability discriminator, which can adjust dimensions of the nerual network and estimate the

actual source number. Hence the algortihm is capable of separating sources sucessfully. Theoretical analysis indicates that

it reduces the training time in mathematical statistical sense, and simulation results proves that it can converge quickly un-

der different source number cases.

Keywords: over-determined blind separation; source number; adaptive neural network; stability discriminator
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