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A Delayed Projection Neural Network for Solving

a New Quadratic Programming Problems

LIU De-you, NIU Jiu-xiao

(College of Science, Yanshan University, Qinhuangdao 066004, China)

Abstract: In this paper, we studied the stability of the optimal solution of a new quadratic programming problem which
is the promotion of the convex quadratic programming. We give the sufficient condition to determine the stability of the e-
quilibrium point and propose a delayed projection neural network to solve this quadratic programming. By constructing a
suitable Lyapunov function, the proposed neural network is proved to be globally stable. Simulation results with some ap-
plications show the efficient of the proposed neural network.

Keywords: subdefinite matrices; globally stable; delayed projection; lyapunov function; optimal solution
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