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Fig. 2 Fault diagnosis model of compensatory fuzzy neural network
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Fig. 3 Simulation analysis and comparison of several fuzzy neural networks
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Study of Fault Diagnosis System Based on Improved
Compensatory Fuzzy Neural Network

FU Bao-ying, WANG Qi-zhi

(College of Mechanical Engineering and Automation, Huaqgiao University, Xiamen 361021, China)

Abstract: On the basis of the combination of fuzzy logic and neural network, a compensatory unit is introduced to make
up a compensatory fuzzy neural network, which makes the network being training from the fuzzy rules defined initially and
dynamically optimizes the fuzzy rules to improve the network fault-tolerant rate and stability. In order to meet the differ-
ent requirements of the learning rate for the different stages of the training, a compensation fuzzy neural network based on
segmentation variable learning rate is proposed to improve the overall performance of the network and realize dynamic and
globally optimal calculation. The simulation about fault diagnosis has shown the model has better convergent characteris-
tics, greatly reduce the training time and training steps and improve the error precision.
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