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Fig. 1 Flow to optimize RBF neural network
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Tab. 1 Strategy of selecting quantum rotation angle
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Fig. 2 Simulation results of RBF neural network based on newrb() function
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Fig. 3 Simulation results of RBF neural network optimized by clonal evolutionary algorithm
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Fig. 4 Simulation results of RBF neural network optimized by quantum clonal evolutionary algorithm
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Optimized RBF Neural Network and Application
in Stock Market Based on Quantum Clonal

ZHANG Xin-hong, LEI Su-juan

(Institute of Mathematical Economics, Huaqiao University, Quanzhou 362021, China)

Abstract; The paper adopts quantum clonal evolutionary algorithm (QCEA) to optimize the data of radial basis function
(RBF) neural network. Based on the practice of testing different samples and quantum rotation angle, the RBF neural
network optimized by the QCEA can be applied to analyse the Shanghai stock composite index. The simulation results in-
dicate that the RBF neural network optimized by QCEA can realize the full searching and partial searching for the best,
which has a high convergence speed and good group diversity and avoids the premature convergence to some degree.
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