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Fig. 1 EEG of different state in the raf s primary visual cortex
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Fig.2 Oscillogram of details of the layer and the approximation signal
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Tab.1 Test results compared

with the actual state

/ / ! %
78 71 9. 859
64 69 7.246
58 60 3.333
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Application of Approximate Entropy in
Rats’ State Recognition

LI Yong—qiang, LU Peng, WANG Zhtzhong
(School of Electrical Engineering, Zhengzhou U niversity, Zhengzhou 450001, China)

Abstract:  With rats as experimental animals, using the approximate entropy method to analyze the spontaneous electro-
encephalogram (EEG) of the rats in primary visual cortex, thus distinguishing rats’ states which are in quietude, sleep
and activity. Experimental results show that using approximate entropy algorithm will be able to identify the state of rats
efectively and reduce redundant computation just use the shorter data, as well as to solve the problem of rats’ state iden-
tification that hidden in a complex environment.
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