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Simulation Method for Risk Analysis in Complex System

WAN GJing' , WAN G Quan-feng’

(1. Central Research Institute of Building and Construction CO. L TD. MCC Group , Bejing 100088, China;
2. College of Givil Engineering, Huagiao University , Quanzhou 362021, China)

Abgtract :  The rough set theory (RST) is used as knowledge reduction and the selection of main risk factors. The fuzzy
relationship model between main risk factors and overall risk is established by artificial neural network (ANN). The prob-
ability distribution of overal system risk is smulated by Monte Carlo method, an integrated smulation method is pro-
posed for complex system risk analyss. The method is reasonable and feas ble by verification of water conservancy ecosys
tem.
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