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Tab.1 Valuesof the membership function of each state in a turbo generator unit
Xi
1 2 3 4 5 6
Xo 0.90 0.34 0.14 0.25 0.88 0.01 exp (- 0.000 2%)
( ) X1 0.68 0.35 0.45 0.81 0.71 0.72 (400- u)/300
X2 0.29 0.93 0.96 0.49 0.84 0.63 10u- 9
1 X3 0.62 0.29 0.46 0.82 0.69 0.84 (500- u/400
2 X4 0.89 0.49 0.52 0.46 0.48 0.26 (200- /200
3 X5 0.66 0.57 0.50 0.42 0.52 0.04 (60- u)/60
4 X6 0.88 0.18 0.43 0.47 0.69 0.14 (50- u/50
5 X7 0.87 0.34 0.76 0.78 0.62 0.74 (45- u/45
6 X8 0.90 0.19 0.57 0.41 0.65 0.17 (40- u/40
Xo 0.39 0.93 0.24 0.21 0.65 0.64 (30- v/30
L 1 L
Visual C** , , 2
2
Tab.2 Repostory structure of FNN for turbo generator unit
i owi wii wi wid wi wi wi wiY wi wib wi?
0 0.0011 0.3071 0.4020 0.3172 0.2529 0.2518 0.0084 0.4927 0.0907 0.1590 0.4793
1 0 0.2939 0.4587 0.3284 0.2162 0.1875 0.0156 0.4783 0.0364 0.1462 0.6244
2 0 0.3286 0.3591 0.4494 0.2281 0.2244 0.0405 0.5044 0.0685 0.1380 0.3901
3 0.0012 0.3080 0.4073 0.3230 0.2313 0.2609 0.0083 0.4907 0.0912 0.1641 0.4798
4 0 0.3805 0.3841 0.3820 0.2134 0.2431 0.0462 0.4963 0.0354 0.1308 0.3801
(o1 6 .
) y .
, y>0.60,
aly) = , 0.40<y<0.60,
. y<0.40.
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Consruction of Improved Fuzzy Neural Network Mode

LIU Yurhui, L1 Zhong-shen

(College of Mechanical Engineering and Automation, Huagiao Universty , Quanzhou 362021, China)

Abgract :  The advantages of fuzzy system and neural network are taken to establish a kind of improved fuzzy neura net-
work (FNN) models. Animproved learning algorithm with the modified f uzzy weight is proposed on the bassof thefuzzy
neurons model for the max-min fuzzy operator. The amount of calculation for theimproved FNN model is reduced greatly
and the convergence velocity isimproved. The state monitoring of the practical turbo generator unit is run using the learn-
ing agorithm, and the results have indicated that the model has greater capability of state monitoring and the expected
goal isobtained.

Keywords: fuzzy neura network model ; fuzzy neurons; learning algorithm; state monitoring



