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©) 90 (°) , 0) 91.9 %; 0(°),180 (°) 83 %
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1 LTN
Tab.1l L TN recognition usng angle feature
0/ (%) 0 18 36 54 72 90 108 126 144 162 180
n/ % 83.9 83.1 67.7 73.4 87.1 91.9 88.7 72.6 66.1 81.5 84.7
33 1007
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Fig.4 Result of rank order statistic
, ! ,0,18,72,90 (°)
, 36,54 (°) ,
3.4
LTN , (NN)
, 2 2 , NN 70 (°) ) ; LTN
, , 0,90,180 (°) 36 (°) 144 (°)
LTN , NN
, 36 () 144 () , NN 90 (°) , LTN
NN 20 %.
2 LTN NN
Tab.2 Recognition rate between L TN and NN
8/ (%) 0 18 36 54 72 90 108 126 144 162 180
Na/ % 79.9 79.0 72.6 74.2 76.6 71.0 70.2 73.4 70.2 80.6 82.3
N/ % 83.9 83.1 67.7 73.4 87.1 91.9 88.7 72.6 66.1 81.5 84.7
3.5
, 25 , 25 ,
LTN . [36] , 3
25 2 (°) ,
3 ) )
3
Tab.3 Recognition rate among several method
/ n/ % / n/ %
[3] 25 64.0 [6] 25 83.33
[4] 25 68.0 25 91.0
[5] 25 81.0
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, 4
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4
Tab.4 Recognition rate among different states %
0/ (°) 0 18 36 54 72 90 108 126 144 162 180
83.9 83.1 67.7 73.4 87.1 91.9 88.7 72.6 66.1 81.5 84.7
27.4 16.1 15.3 26.6 32.3 35.5 33.9 29.0 18.5 19.3 29.0
25.0 17.7 16.9 24.2 29.0 36.7 30.6 25.8 17.7 18.5 26.6
4
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Git Recognition of Angle and Dynamical Time Nor malization

CHEN Xuan, WU Qingjiang, LU Yuan

(College of Information Science and Engineering, Huagiao University , Quanzhou 362021, China)

Abgract :  Firstly, robust accumulative angle feature is chosen to be the basc gait feature, and the angle feature of se-
guences are saved as matrixes. Secondly, on the basisof gait sequence linearity , extract the gait cycle, and then introduce
dynamical time normalization into sequence matching, to get thefinal feature distance. Experimental result shows that the
proposed agorithm performs an encouraging recognition rate with relatively lower computational cost at 0 (°) and 90 (°)
viewing angle in large gait dataset for 120 persons.

Keywords: gait recognition; angle feature; dynamical time normalization; distance calculation



