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Adaptive Voiced/ Unvoiced Segmentation Based on RLS
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Abstract:  An adaptive voiced/ unvoiced segmentation based on the traditional shorttime analysis, with the adaptive
tracking capacity of recursive least square (RLS) to the norsteady signal, has been presented. The algorithm can rapidly
realize precise voiced/ unvoiced segmentation, without parameteradjustment by samples training. The adaptability comes
from a single pronunciation sample, and deciding voiced/unvoiced segmentation based on the different tracking capacity of
RLS in voiced/unvoiced section and the intersection point. It is different from the methods based on threshold, the algo-
rithm based on recognizing the extreme value can avoid the draw back of various adaptive learning algorithms in generaliza-
tion, which can better adapt for various varying factors of different sampling rate, speaker, volume, background noise.
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