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Bayes Estimation of Parameters in Mixed Censoring
and Its Distribution Function

Chen Jianwel
(Dept. of Manag. Info. Sci., Huaqiao Univ., 362011, Quanzhou)

Abstract As the most useful inspection design in life analysis, the mixed censoring provides with more in—
formation than both Type  and Type censoring. T he author investigates here the Bayes estimation of ex—
ponentially distributed parameters in mixed censoring; and derives the distribution function of Bayes estima—

tion.

Keywords mixed censoring, Bayes estimation, exponential distribution, distribution function of Bayes esti—

mation



