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Dynamic Adaptation of Accelerated BP Network in
Preestimating the Settlement of Single Pile
Wei Pengsheng

(Dept. of Civil Eng., Huaqiao Univ., 362011, Quanzhou)

Abstract  For enhancing convergence speed of BP neural network, an adaptive accelerated algorithm of learn—
ing rate is advanced. T hat is to say, the conventional learning rate which is chosen according to experience
during the entire process of learning will be replaced by the dynamic learning of the network. By applying this
neural network, the settlement of single pile is preestimated; and dy namic learning of sample— teacher pattern
matching based on information diffusion principle can be carried out- As indicated by numerical simulation, the
accelerated learning algorithm makes the problem settlement os this neural network to have dynamic adapt—
ability. When it is adopted to preestimat the settlement of single pile,the learning of network can be short—
ened, moreover, its preestimate is better than standard BP network in accuracy after similar round or time of
learning -

Keywords  BP network, learning rate, preestimate of settlement, information diffusion method, dynamic

adaptation



