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Structural Analysis by Using Structural
Controllable Neural Network

Wei Pengsheng

( Dept. of Civil Eng., Huaqiao Univ., 362011, Quanzhou)

Abstract A structural controllable neural network, or SCNN for short, is constructed and applied to the
solution of structural stiffness equations. This SCNN can be converged in faster speed by means of dynamic
learning algorithm. As proved by numerical simulation, this accelerated SCNN is better than the traditional
iteration of Gauss—Seidel for solving linear equations, it excels at the speed of convergence.
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